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Abstract 
A better understanding of terrorist attacks and the relationships between the fatality and the influencing factors is helpful to 
improve the decisions to allocate resources in the fight against terrorism. The fatality is divided into four levels: 1-2, 3-9, 10-29 
and ≥30. The article uses a novel approach of correspondence analysis to explore the associations between terrorist attacks and 
factors. The fatality level of terrorist attacks is influenced by countries, regions, weapons, attack types and targets. The factors 
that tend to result in high fatality levels are identified. The attacks occur in developing countries and regions are associated with 
fatality level of ≥30 while the developed countries such as the North America and Western Europe tend to be related with low 
fatality level. The attacks caused by the weapons of Incendiary and WMD (Biological, Chemical, Radiological, Nuclear) tend to 
precipitate a relatively high fatalities. The attack types of Hijacking, Barricade Incident and Facility/Infrastructure Attack have 
strong relationships with fatality level of ≥30. Compared to other targets, Airports & Airlines and Maritime are more likely to 
generate extremely high fatalities. The results are useful for understanding the fundamental cause of fatalities in terrorist attacks. 
© 2014 The Authors. Published by Elsevier Ltd. 
Peer-review under responsibility of scientific committee of Beijing Institute of Technology. 
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1. Introduction 
Now, terrorism has become a global threat. Various organizations, such as the National Consortium for the Study 
of Terrorism and Responses to Terrorism (START) [1-4], National Security Research Division at the RAND 
Corporation [5-7], Institute for Economics and Peace (IEP) [8], and others have made intensive researches of 
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terrorist attacks to develop countermeasures that mitigate or eliminate the negative impacts of terrorism. However, 
terrorist attacks still present a serious tendency. In 2012, the Global Terrorism Database (GTD) [9] responded to 
8441 attacks in the world, a sharply increase of 66.6% from the year 2011. The 8441 attacks caused 15401 fatalities, 
a significant increase of 88.9% compared with 2011. The global terrorist attacks are shown in Fig. 1. The numbers, 
fatalities and injuries steadily increased during the 1970s and 1980s. After 2004, the numbers present a significant 
increase and reach a peak in 2012. Meanwhile, in 2012, the fatalities and injuries all reach the peak and are more 
than any year before. Therefore, it is urgent and significant to research the influencing factors on fatalities [10-13]. 
 
 
Fig. 1. The trend of the terrorist attacks from 1970 to 2012. 
In this paper, we try to answer the following questions: What affect the fatalities of terrorist attacks? Is the 
fatalities are related with time or region? How to identify the influencing factors on extreme event with high 
fatalities? What weapon or attack type can cause more fatalities? Through literature research, there have no research 
about the relationships between influencing factors and fatalities. Some scholars only give a description statistics 
analysis [14-16]. There are also some researches about the statistics models or correlation analysis [17, 18]. It has 
been noted that the descriptive statistics is helpful to understand the characteristics of fatalities of terrorist attacks. 
Unfortunately, due to the complexity and intelligence of terrorism, a multitude of confounding effects can often 
obscure examination of any particular issue on terrorist attacks. In this article, the correspondence analysis (CA) is 
first used to explore the distribution of the fatalities. CA is an underutilized multivariate graphical technique 
designed specifically to explore the associations between two or more variables [19]. CA can reduce the data 
dimension and intuitively show the results in two-dimensional graph. Thus, the relationships between the rows and 
the columns can be illustrated in two-dimensional graphs [20-23]. 
2. Data and method 
2.1.  Data 
The Global Terrorism Database is  from 1970 to 2011. It should be noted that the records in 1993 are lost. There 
are 44261 terrorist attacks that involved more than one fatality. 228119 fatalities are recorded and average 5564 
civilian deaths occur every year. The fatality is divided into four levels: 1-2, 3-9, 10-29 and ≥30. The statistics data 
are shown in Table 1. The influencing factors include country, region, month, weapon, attack type and target. 
In GTD, the regions are divided into 13 categories (Table 2). The distribution of the total attacks and fatalities is 
inequality and the frequency and the fatalities of the top 60 countries account for 97% and 97%. Hence, in the 
subsequent analysis, only top 60 countries are chosen as specified in Table 3. Iraq, India and Colombia have 
suffered more from terrorist attacks than other countries and have been widely studied [15]. Weapon and attack type 
There are 13 types of weapon. Because of the sparse data, some weapons are merged. Thus, 7 categories for 
weapons are remained, Table 4. Nine attack types are shown in Table 5. The 19 categories of targets are shown in 
Table 6. 
700   Li Guohui et al. /  Procedia Engineering  84 ( 2014 )  698 – 707 
Table 1. The data of global terrorist attacks. 
1970-2011 
Fatality levels (frequency) Total 
1-2 3-9 10-29 ≥30 Frequency Fatality 
Total 26960 12069 4085 1147 44261 228119 
Average(per year) 657.6 294.4 99.6 28.0 1079.5 5564 
Table 2. The contingency table of regions. 
No Region 
Fatality level 
1-2 3-9 10-29 ≥30 Total 
1 North America 330 67 16 7 420 
2 Central America & Caribbean 1916 1082 544 216 3758 
3 South America 3377 1867 598 113 5955 
4 East Asia 72 19 10 2 103 
5 Southeast Asia 2135 821 218 38 3212 
6 South Asia 6484 3505 1060 244 11293 
7 Central Asia 103 23 9 0 135 
8 Western Europe 3402 244 28 13 3687 
9 Eastern Europe 192 35 6 2 235 
10 Middle East & North Africa 6559 2970 1021 270 10820 
11 Sub-Saharan Africa 1729 1208 512 218 3667 
12 Russia & the Newly Independent States  626 217 59 24 926 
13 Australasia & Oceania 35 11 4 0 50 
 Total 26960 12069 4085 1147 44261 





1-2 3-9 10-29 ≥30 Total 1-2 3-9 10-29 ≥30 Total 
1 Iraq 2765 1323 499 161 4748 31 United States 194 8 3 4 209 
2 India 2299 1248 359 52 3958 32 Angola 59 79 41 28 207 
3 Colombia 1799 1166 264 40 3269 33 Indonesia 113 68 16 7 204 
4 Pakistan 1879 735 191 56 2861 34 Mexico 127 59 13 2 201 
5 Northern Ireland 2088 108 7 0 2203 35 Italy 161 7 5 3 176 
6 Peru 1183 628 315 70 2196 36 Sudan 61 53 35 17 166 
7 Sri Lanka 870 693 307 103 1973 37 Chile 134 17 0 0 151 
8 Afghanistan 1045 683 165 23 1916 38 Mozambique 35 46 45 17 143 
9 Algeria 993 595 247 49 1884 39 France 119 15 0 0 134 
10 Philippines 980 552 157 19 1708 40 Congo (Kinshasa) 41 45 31 14 131 
11 El Salvador 776 503 234 89 1602 41 Argentina 103 7 6 3 119 
12 Turkey 763 427 90 10 1290 42 Myanmar 46 44 21 7 118 
13 Thailand 920 119 10 0 1049 43 Syria 67 23 18 5 113 
14 Guatemala 632 269 110 29 1040 44 Rwanda 40 29 27 16 112 
15 South Africa 507 286 34 5 832 45 Tajikistan 82 18 7 0 107 
16 Nicaragua 272 262 187 96 817 46 Haiti 78 13 3 1 95 





1-2 3-9 10-29 ≥30 Total 1-2 3-9 10-29 ≥30 Total 
17 Russia 529 179 42 21 771 47 Honduras 69 16 9 0 94 
18 Lebanon 517 176 49 19 761 48 Kenya 53 21 12 7 93 
19 Spain 664 65 5 3 737 49 Great Britain 68 12 5 2 87 
20 West Bank and Gaza Strip 562 98 7 1 668 50 Cambodia 41 29 13 3 86 
21 Somalia 311 172 48 8 539 51 Georgia 56 22 5 1 84 
22 Israel 298 103 37 1 439 52 Brazil 56 19 4 0 79 
23 Bangladesh 213 80 20 1 314 53 Senegal 39 30 4 1 74 
24 Egypt 231 62 12 4 309 54 Greece 56 4 2 3 65 
25 Nigeria 151 79 35 9 274 55 Ireland 60 3 1 0 64 
26 Burundi 80 102 57 31 270 56 Ethiopia 32 15 5 10 62 
27 Nepal 177 64 18 9 268 57 China 40 12 7 2 61 
28 Uganda 72 90 64 19 245 58 Yugoslavia 52 7 2 0 61 
29 Yemen 125 76 24 5 230 59 Namibia 41 16 2 1 60 
30 Iran 148 51 24 6 229 60 Sierra Leone 11 18 13 8 50 
Table 4. The contingency table of weapon 
No Weapon 
Fatality level 
1-2 3-9 10-29 ≥30 Total 
1 WMD 22 10 5 3 40 
2 Firearms 16755 6420 2138 573 25886 
3 Explosives/Bombs/Dynamite 6626 4200 1431 405 12662 
4 Other 35 13 5 1 54 
5 Incendiary 251 111 46 20 428 
6 Melee 935 280 133 55 1403 
7 Unknown 2336 1035 327 90 3788 
 Total 26960 12069 4085 1147 44261 
Table 5. The contingency table of attack type 
No Attack type 
Fatality level 
1-2 3-9 10-29 ≥30 Total 
1 Assassination 10122 1445 83 7 11657 
2 Armed Assault 8660 5630 2265 636 17191 
3 Bombing/Explosion 6206 4076 1409 413 12104 
4 Hijacking 46 20 8 9 83 
5 Barricade Incident 71 42 9 9 131 
6 Kidnapping 1074 261 56 11 1402 
7 Facility/Infrastructure 246 113 58 15 432 
8 Unarmed Assault 59 11 6 3 79 
9 Unknown 476 471 191 44 1182 
 Total 26960 12069 4085 1147 44261 
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Table 6. The contingency table of attack target 
No Target 
Fatality level 
1-2 3-9 10-29 ≥30 Total 
1 Business 2194 846 238 43 3321 
2 Government (General) 4346 1036 224 47 5653 
3 Police 4876 2049 439 68 7432 
4 Military 3315 2436 1113 342 7206 
5 Airports & Airlines 87 45 22 25 179 
6 Government (Diplomatic) 416 101 26 6 549 
7 Educational Institution 534 89 20 5 648 
8 Journalists & Media 482 38 7 2 529 
9 Maritime 41 27 14 7 89 
10 NGO 177 53 8 4 242 
11 Other 496 127 37 10 670 
12 Private Citizens & Property 7056 3712 1380 429 12577 
13 Religious Figures/Institutions 628 268 129 59 1084 
14 Terrorists 613 177 51 7 848 
15 Tourists 88 39 10 5 142 
16 Transportation 713 611 267 57 1648 
17 Unknown 300 196 45 6 547 
18 Utilities 119 49 18 8 194 
19 Violent Political Party 412 151 26 16 605 
 Total 26893 12050 4074 1146 44163 
2.2.  Methods 
CA is a statistical method to explore the associations between two or more categorical variables. The essence of 
CA is to transform multidimensional variables to a two-dimensional graph. The information between variables can 
be explored by a CA map. CA has been widely used in the market, biology and medical fields [21]. CA has been 
proved to be effective to fire dataset [25, 26], while it has not been applied in terrorist attacks. Clausen provided a 
detail discussion on CA [22].  
CA is based on the analysis of the contingency table through the row and column profiles. Row profiles 
correspond to the relative frequencies of the different fatality levels within each influencing factors, and column 
profiles are the relative frequencies of the different influencing factors within each fatality level as shown in Table 2 
to Table 7. By decomposing contingency table, the total number of dimensions is equal to the minimum of (I-1, J-1), 
where I and J are the number of categories for each variable. 
In the current research, X denotes n×p (rows-by-columns) categorical data matrix in the contingency table.  
Each row of X represents a set of points in p-dimensional space, and each column represents a set of points in n-
dimensional space. As the raw frequencies in the contingency table do not yield a meaningful interpretation of 
distances between row points and column points, the profiles of raw occurrences are converted to their frequency 
distributions. CA begins by transforming the frequencies into fractions. 
     1P11X11XP  c 'with   ,                                                       (1) 
where 1’= (1, …,1)’, either n or p dimension vector, depending on the context. P is the correspondence matrix. And 
P is the probability density on the cells of X. The row sums of P are written into Dr, n×n diagonal matrix.  
703 Li Guohui et al. /  Procedia Engineering  84 ( 2014 )  698 – 707 
)diag(=r rD    and   )diag(=c cD                                                   (2) 
where r=P1, and the column sums of P are written into Dc, a p×p, matrix, and c=P′1. The r and c is the marginal 
relative frequency, which are also called as masses. Inertia, an important parameter, is a variable that signify the 
weighted sum of the squared chi-square distance between each profile and the average profile. Total inertia is a 
measure of the variation in the count data and is defined as the weighted sum of squares: 









- O                                                   (3) 
where the λt is the singular values obtained from the singular decomposition of 
                2/12/1 c cDcrPrD                                                            (4) 
The detailed discussion for CA can be found in [21-23]. 
Most of the information is reflected in CA map which is established by taking the coordinate of rows and 
columns. The distances and locations of scatter points reflect the relationships among them. Before carrying out CA, 
the significant test is needed. The chi-square test reveals a statistical significant association (P < 0.05).  
Another important issue is to explain the results and it is summarized as follows [22, 27]: 
(1) The proximity of two rows (two columns) indicates a similar profile, where the “profile” means to the 
conditional frequency distribution of row (column). The opposite interpretation applies when the two rows (columns) 
are far apart. (2) The proximity of a particular row to a particular column indicates that this row (column) has a 
particularly important weight in this column (row). In contrast, a row being quite distant from a column indicates 
that there are almost no observations in this column. If the points are far away from 0, the above principle will be 
more accurate.(3) The origin is the average of the factors F and G. Therefore, the point projected close to the origin 
indicates an average profile. (4) All conclusions above must be drawn based on the quality of the graphical 
representation which is evaluated using the cumulated percentage of variance. If the cumulative inertia is large 
enough, the two dimensional can convey most of the information of contingency table.  
3.  Results and discussion 
CA decomposes the inertia by identifying a small number of mutually independent dimensions that represent the 
most important deviations from independence. The eigenvalue of each dimension represents the relative importance 
and how much of the inertia it accounts for. General rule is that the number of dimensions retained account for more 
than 70% of the inertia [23]. For each factor in this study, the first two dimensions account for more than 90% of the 
inertia and the relationships are displayed in a two-dimensional graph. 
3.1.  Region and country 
According to the proportion of explained inertia, the first dimension represents 88.7% and 80.8% of the inertia 
and the top two dimensions account for 99.5% and 97.8% for region and country respectively. 
Fig. 2 show that the four fatality levels are relatively far from each other indicating that they are distinguished. 
Their relative locations in the CA map indicate the similarities and differences among the fatality levels with respect 
to the regions. Dimension 1 separates region 2 (Central America & Caribbean) and 11 (Sub-Saharan Africa) on the 
right from region 8 (Western Europe) and 9 (Eastern Europe) on the left, and also separates the high levels of 3-9, 
10-29 and ≥30 on the right from the low level of 1-2 on the left. 
In order to interpret CA map completely, the numerical representation of Figure 2 are given in Table 7. The 
coordinates are the factor score of the points on the top dimensions. Mass represents the weights for both variables 
of row and column.   
704   Li Guohui et al. /  Procedia Engineering  84 ( 2014 )  698 – 707 






Of Point to Inertia 
of Dimension 
Of Dimension to 
Inertia of Point 
Dim1 Dim2 Dim1 Dim2 Total 
1-2 0.609 -0.376 0.043 0.020 0.376 0.014 0.995 0.005 1.000 
3-9 0.273 0.494 -0.306 0.017 0.291 0.318 0.880 0.118 0.998 
10-29 0.092 0.746 0.237 0.012 0.224 0.065 0.953 0.034 0.986 
≥30 0.026 0.982 1.366 0.010 0.109 0.603 0.592 0.401 0.993 
1 0.009 -0.750 0.208 0.001 0.023 0.005 0.967 0.026 0.993 
2 0.085 0.502 0.582 0.007 0.093 0.358 0.677 0.318 0.994 
3 0.135 0.154 -0.272 0.002 0.014 0.125 0.468 0.514 0.982 
4 0.002 -0.350 0.288 0.000 0.001 0.002 0.643 0.152 0.795 
5 0.073 -0.268 -0.217 0.001 0.023 0.043 0.812 0.187 0.999 
6 0.255 0.125 -0.231 0.002 0.017 0.170 0.452 0.539 0.991 
7 0.003 -0.668 -0.045 0.000 0.006 0.000 0.926 0.001 0.928 
8 0.083 -1.332 0.324 0.035 0.644 0.109 0.980 0.020 1.000 
9 0.005 -0.900 0.089 0.001 0.019 0.001 0.992 0.003 0.996 
10 0.244 0.011 -0.019 0.000 0.000 0.001 0.272 0.260 0.533 
11 0.083 0.646 0.421 0.009 0.151 0.183 0.865 0.129 0.994 
12 0.021 -0.286 0.098 0.000 0.007 0.002 0.866 0.035 0.901 
13 0.001 -0.414 -0.228 0.000 0.001 0.001 0.765 0.081 0.847 
 
The inertia can reflect the variance or dispersion of the each variable. The larger of the inertia is, the larger the 
row or column profiles contribute to the category. The proportion of fatality level of ≥30 only is 2.6% while the 
inertia reaches to 16.9% (=0.01/0.059), which means a larger difference. The columns headed “Of point to inertia of 
dimension” present the decomposition of each dimension to the categories. It shows that the information of 
dimension 1 is mainly carried by levels of 1-2, 3-9 and 10-29, while most information of the dimension 2 is 
explained by levels of 3-9 and ≥30. The last column headed “Of Dimension to Inertia of Point” is the distribution 
proportion of each category in the top two dimensions. Nearly all the variables account for more than 80% of the 
inertia. However, the region 10 only account for 55.3% in the top two dimensions. It needs to introduce the third 
dimension to explain it, but the result is still that it follows the average profile.  
Along dimension 1, the fatality level of ≥30 and region 8 are the most important because of the furthest distance 
from origin. Hence, the level of ≥30 and region 2 are the most important in dimension 2 similarly. By using the 
principle in section 2, the CA map can be interpreted as follows. The high fatality levels of ≥30 and 10-29 are 
strongly associated with 2 and 11, while 3 and 6 tend to be related to the level of 3-9. Most of other regions follow 
the average profiles. It should be noted that the attacks in 2 and 11 who contribute 27.4% to the total fatalities 
strongly tend to be associated with high fatality level. 
The result of country is shown in Fig. 3. The level of 1-2 on the right of dimension 1 is separated from level of 
≥30 on the left. So dimension 1 can be defined as fatality axis. Similar to regions, the level of ≥30, the countries of 
Sierra Leone, Mozambique and Rwanda have the furthest distance from origin and have the most importance.  
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             Fig. 2. Correspondence analysis map of region.                                          Fig. 3. Correspondence analysis map of country.       
The countries can be classified into three categories. The first is high fatality group: 60, 38, 44, 56, 16, 32, 26, 36, 
40, 28, 42, 7, 11, 43 and 48. These countries are associated with levels of 10-29 and ≥30. The second group has 
more significant connections with level of 3-9 including ten countries: 2, 3, 8, 9, 10, 21, 29, 33, 50 and 53. The third 
group with the most countries on the right of dimension 1 tends to be related with low fatality level of 1-2. The 
results may be affected by the economic development. It can be found that these countries far from origin and close 
to level of 1-2 are mainly the developed economies such as 31, 54, 35, 55, 5, 19, 49, 39 and so on. A conclusion is 
that the developed economies tend to be associated with low fatality level because their superior social security and 
high military spending, while the developing countries have strongly relationships with the high fatality levels such 
as Sierra Leone and Rwanda with low GDP and Per capita GDP . Take Sierra Leone and the United States for 
examples, there are a total of 50 attacks in Sierra Leone and 8 attacks result in more than 30 fatalities, while the 
numbers in the United States are 209 and 4 in Table 3. It can be calculated that the weights of terrorist attacks with 
more than 30 fatalities are 16% and 1.9% in Sierra Leone and the United States respectively. 
3.2.  Weapons 
The first dimensions of weapons have a cumulative contribution of 99.9% and most of the information can be 
displayed in the two-dimensional graph. It shows that the levels of 1-2, 3-9 and 10-29 are mainly explained by 
dimension 1, while the inertia of level ≥30 is 0.498 in two dimensions. The first two dimensions account for more 
than 78% of the inertia. Fig. 4 shows that WMD, Explosives/Bombs and the level of ≥30 are the furthest away from 
the origin along two dimensions and therefore they are the most important.  
 
Fig. 4. Correspondence analysis map of weapon and fatality levels. 
In Fig. 4, the fatality is divided into two groups along dimension 1: the high fatality group (level of 3-9, 10-29 and 
≥30) and the low fatality group (level of 1-2). WMD and Incendiary are close to the level of ≥30 and also to a lesser 
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extent be close to the level of 10-29, while Explosives/Bombs/Dynamite clusters with the level of 3-9 and 10-29. On 
the right of the dimension 1, Firearms, Others, Melee and Unknown are associated with the low level of 1-2.  
The WMD accounts for only 0.1% (Table 12 mass 1) of the total attacks, and it has the most relationships with 
high fatality. During the 42 years, there are 40 attacks with more than one death caused by WMD and with 559 
fatalities. Compared with other weapons, the total fatalities and frequencies of terrorist events of WMD are quiet 
smaller, while they have the most deaths per event. The deaths per event for the seven weapons are 14.0 (1), 4.5(2), 
5.9(3), 5.0(4), 7.8(5), 8.1(6) and 5.3(7). As weapons of mass destruction, the terrorist organizations are attempting to 
obtain BCRN weapons which should attract policymakers’ attention. 
3.3.  Attack types 
The CA map of attack types is shown in Fig. 5.The level of 1-2 on the left of dimension1 are separated from the 
other three levels on the right. 1, 6 and 8 are far away from the origin and tend to be associated with the level of 1-2. 
2 and 3 cluster with the level of 3-9, while 9 are related with the level of 3-9 and a lesser extent be close to the level 
of 10-29. It should be noted that 4, 5 and 7 tend to be related with high fatality level of ≥30. In Table 14, dimension 
2 explained 80.2% of the information of Hijacking which has the furthest distance from origin along dimension 2 
(Figure 5). Hijacking is related with the high fatality level. 
3.4. Target 
Regarding terrorism, the primary objective is to ensure people’s safety. Only understand which target may suffer 
more fatalities, the policymaker can take feasible and effective measures to prevent people from attack.  
Fig. 6 shows that the lowest fatality level on the left of dimension 1 is separated from the highest fatality level on 
the right. Hence, the axis of dimension 1 can be defined as fatality axis. First, the level of 1-2 is far away from the 
other three levels. The most important targets are 5, 9, and 8. The level of ≥30 is the furthest from origin and is the 
most important. Airports & Airlines and Maritime have strong relationships with the highest fatality level of ≥30. 
The high risk environment in air and sea and assembly occupancies may be account for the fact that attacks in the 
two targets tend to cause high fatalities. Simultaneously, the average deaths per event are 15.8 and 11.0 for Airports 
and Maritime respectively. The highest of average death per event of other targets is Military with 7.3 deaths.  
 
             
  Fig. 5. CA map of attack type and fatality levels                              Fig. 6. CA map of target and fatality levels 
4, 12 and 13 tend to be associated with level of 10-29. The Private Citizens& Property is the first target with the 
most fatalities and Military is the second target. Private Citizens do not have a self-protection ability when face the 
terrorist attacks. Terrorist organizations are more inclined to attack military and attack the civilian for political, 
religion or terror purposes [28]. 16 and 17 are related with level of 3-9. 18 and 15 are close to the origin and have the 
average profiles. The other targets such as 8, 7, 6, 2, 11, 10, 14, 1, 3, and 19 are associated with the level of 1-2. 
Among these targets, 3, 2 and 1 contribute most of the proportion. 
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The previous study mainly focused on the direct statistics analysis, and obtained the surface phenomena. 
However, this paper explored the key factors that affected the fatalities in depth, and the results are more targeted. 
4.  Conclusions 
The key factors that are associated with high fatality level are explored. The main conclusions are that: of the four 
fatality levels and the six factors in global terrorist attacks, the very high fatality levels of 10-29 and ≥30 are 
influenced by economic development and associated with the developing countries or regions; in terms of “attack 
type”, Hijacking, Barricade Incident and Facility/Infrastructure Attack tend to result in high fatality; with respect to 
“weapon”, Incendiary, Explosives/Bombs/Dynamite and WMD have strong relationships with high fatality levels. 
The results also show that if the terrorist attacks are against Military, Airports & Airlines, Maritime and Religious 
Figures/Institutions, the fatality rate would be considerably higher. These key factors that have been identified have 
sufficient importance to the prevention of terrorist attacks. The policymakers should spend special attention on these 
conclusions when generate strategy for terrorist attacks. 
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